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Context-Free

Chomsky Normal Form

Context-Free Grammar

Syntax Augmented Machine Translation
Minimmum Error Rate Training

non-partially lexicalized context free grammars
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' Computational analysis
* Tokenization
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Abstract

Persian language consists of words that are made up of multi-parts and these multi-part words
have standard script, it means that it employs half-space between the parts of multi-part words to
keep integrity of the parts of the multi-part words. According to this standard Persian script,
half-space has an important role in readability of the text and the reader can understand the
meaning of the text. Moreover, in natural language processing, including machine tranglation,

words boundary detection has a considerable impact on system performance.

In this thesis, a new statistical method according to statistical machine tranglation is provided for
Persian text editing. In this method spaces between the parts of multi-part words are replaced
with the half-space with the aid of statistical machine trandation. Linguistic information
extracted from the parallel corpus and then this information is used to identify and edit multipart
words. In this method a parallel corporais needed to train in which an unedited corporais on one
side and the edited one is another side that is created in thisthesis.

The results show the efficiency of the method in more accurate detecting and editing space

between the parts of the multi-part words with half-space.

Keywords: Persian Multi-Part Words, Spacing Rules, Satistical Machine Trandation, Persian Parallel
Corpora, Combining Persian Multi-part Words
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