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What Is A Health Insurance Claim Form 15007

Until recently when you heard the term "self funded health insurance"
you could have safely assumed that you were talking about an employer
sponsoredgroup health insurance plan funded either entirely through
employer/employee dollars or a combination of these with some re-insur-
ance policies included. In self funding the employer is taking on the risk
for health care expenses either in full or in part (if re-insurance is in-
volved). Under fully insured arrangements the employer has no further fi-
nancial risk after the monthly premium has been paid. The has been a
tendency lately by some in the media and in government to use the term
self fund or self pay interchangeably in relation to the purchase and own-
ershipof individual health insurance policies. By definition, even after the
ACA, virtually everyone in the individual health insurance marketplace is
a self payor by virtue of the monthly premium they pay but they are not
self funded because they have passed off all risk after any plan deducti-
bles, copays and co-insurance to their insurance carrier in exchange for
their monthly premium.
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Aabstract

Over the last few years, researchers in the field of natural language processing have been mak-
ing great progress through the use of deep learning models, and Q & A systems as a subset of the
science of natural language processing have not been exempted from this. In this thesis, we intend
to provide a deep learning-based model for automatic answer to the question. With this in mind,
we can divide the question-answer system into three parts: categorizing questions and answers,
retrieval information, and choosing an answer, first we classify the questions and answers using
a neural-probabilistic modeling and transform into a vector, then We teach a deep neural network
similarity to find out the similarity between questions and answers, and finally we select the best
answer. Our proposed system, by proposing a method based on Neural probabilistic modeling,
transforms the expression into a vector, so that the vector of each statement become very similar
to the word vector or its keywords so that the likelihood of the similarity of the question with its
corresponding answers could raise and finally siamese neural network, with changes, learns in a
way that it can choose the right answer for the question. In this model, we managed to reduce the
error by about 25% compared to the current one.

keywords : artificial intelligence, natrual language processing, question-answering system,

deep learning tools, artificial neural network, word2vec, deep similarity neural network.
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