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data(patch, package = "bootstrap")
n <- nrow(patch)
y <- patch$y
z <- patch$z
theta.hat <- mean(y) / mean(z)
> print (theta.hat)
[1] -0.0713061
# compute the jackknife replicates, leave-one-out estimates
theta.jack <- numeric(n)
for (i in 1:n){
theta. jack[i] <- mean(y[-i]) / mean(z[-i])
}
bias <- (n - 1) * (mean(theta.jack) - theta.hat)
> print(bias) # jackknife estimate of bias
[1] 0.008002488
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se <- sqrt((n-1) *

mean((theta. jack - mean(theta.jack))~2))
> print(se)
[1] 0.1055278
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set.seed(123) # for the specific example given
n <- 10
x <- sample(1:100, size = n)
# jackknife estimate of se
M <- numeric(n)
for (i in 1:n) { # leave one out
y <= x[-i]
M[i] <- median(y)
}
Mbar <- mean(M)
> print(sqrt((n-1)/n * sum((M - Mbar)~2)))
[1] 1.5
# bootstrap estimate of se
Mb <- replicate(1000, expr = {
y <- sample(x, size = n, replace = TRUE)
median(y) })
> print(sd(Mb))
[1] 13.69387
> print (x)
[1] 29 79 41 86 91 5 50 83 51 42
> print (M)
[1] 51 50 51 50 50 51 51 50 50 51
> print (Mb)
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n <- length(magnetic) #in DAAG ironslag
el <- e2 <- e3 <- e4 <- numeric(n)
# fit models on leave-one-out samples
for (k in 1:n) {
y <- magnetic[-k]
x <- chemical[-k]

##
J1 <
yhatl
el[k]
##
J2 <-
yhat2

e2[k]
##
J3 <-

In(y ~ x)
<- Ji$coef[1] + Ji1$coef[2] * chemicall[k]
<- magnetic[k] - yhatl

In(y ~ x + I(x72))

<- J2$coef[1] + J2$coef[2] * chemicallk] +
J2$coef [3] * chemicallk]"2

<- magnetic[k] - yhat2

1m(log(y) ~ x)

logyhat3 <- J3$coef[1] + J3$coef[2] * chemical[k]

yhat3

e3[k]
##

J4 <-

<- exp(logyhat3)
<- magnetic[k] - yhat3

Im(log(y) ~ log(x))

logyhat4 <- J4$coef[1] + J4$coef[2] * log(chemical [k])

yhat4
e4[x]

¥
> c(mean(e1”2), mean(e2”2), mean(e3"2), mean(e4d~2))
[1] 19.55644 17.85248 18.44188 20.45424

<- exp(logyhat4)
<- magnetic[k] - yhat4
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